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Abstract: DNA microarray is a tool for genomic-scale measurement of mRNAs, and will

be of more importance in the future. In microarray data analysis, several methods such as

Hierarchical Clustering are proven to be useful. However, these methods rely on second-

order interaction, and detecting higher order interaction in microarray data is an important

task. We propose the use of log-linear model to analyze higher-order interactions between

the genes in a publicly available dataset, and discuss the biological meaning of our result.
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